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Abstract: Internet of Things (IoT) is an intelligent network which links smart objects to the Internet. A great 
amount of IoT devices are linking to the Internet, so far a lot of of these devices are apprehensive, exposing them to a 
number of security threats. Most IoT devices are resource constrained hence making it difficult to secure them using 
existing security techniques. Numerous researchers have developed intrusion detection model implemented at IoT 
gateways. In this work, to defend cyberspace a novel detection technique with a novel concept was introduced which helps 
the deep learning model. Here, the process includes two stages such as classification as well as feature extraction. Initially, 
the feature extraction is performed, from the subjected input data the extraction of features is carried out with the aid of 
the well-known Principal Component Analysis (PCA). Then, the extracted features are fed to the classification stage; here 
the Convolutional Neural network (CNN) model is exploited. The presence of attacks is classified by the classifiers, the 
attacks such as R2L, denial of service (DoS), U2R as well as a probe. For this, a novel optimization approach is called 
Hybrid Whale Optimization Algorithm (WOA)-Bat Algorithm (BA). This optimization is mainly exploited to choose 
optimally the hidden neurons. The developed algorithm performance is analyzed with the existing techniques regarding 
both the positive as well as negative metrics, and the analysis revealed the superiority of the proposed model. 
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Nomenclature 

Abbreviations Descriptions 
DDoS Distributed Denial of Service  
ML Machine Learning  
ReLu Rectified Linear Unit  
IoT Internet of Things  
MPL Max Pooling Layer  
IDS Intrusion Detection Systems  
MLP Multilayer Perceptron  
CL Convolution Layer  
MIoT Multiple IoT Scenario  
BNL Batch Normalization Layer  

1. Introduction  
Generally, IoT networks comprise numerous portable devices namely actuators as well as sensors and 
powerful devices namely control units, these devices are linked and swap the information ubiquitously. 
The information transforms amid the power restricted IoT devices as well as long-distance devices 
commonly pass via multiple nodes, to form a multi-hop mesh network. For multiple security threats, the 
multi-hop networks are susceptible namely reply packet attack, tamper packet attack, and discard packet 
attack, etc. Attackers control numerous attacks, and the malicious nodes execute. Therefore, it is 
important in IoT to detect malicious nodes [1]. 

To detect attacks, the IDS are renowned equipment in digital and linked systems. Generally, there are 
2 detection models for IDS such as on the basis of ML as well as on the basis of the predefined set of 
misuse rules. In the previous technique, both the unknown as well as known attack rules are created by 
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humans. The last model uses a detection technique on the basis of a pre-defined ML technique of normal 
behavior. To detect the malicious activities or novel kinds of attacks is used by the technique, which has 
never been exhibited earlier [2]. 

To identify as well as to protect the IoT devices, the occurrence of threats inspires the advancements 
of novel methods. Several studies possess advanced models, which aid to enhance the IoT devices security 
namely modeling lightweight authentication strategies, developing IDS so on. In some work is aspired to 
prevent DoS attacks on IoT devices [3]. 

The main objective of the DoS attack is to deluge devices in the network with false service requests, 
therefore disorder the network device's normal operation. DoS is an attack, which targets strenuous 
network devices' computational resources. Multiple agents initiate the DoS attack in a network and from 
several positions is called a DDoS attack.  In a single IoT environment, anomaly detection has extensively 
experimented with and numerous outcomes include security, privacy as well as detection of fault is 
established. Nevertheless, no analysis on anomalies and their probable recognization in an IoT was 
carried out. 

To detect the attacks, numerous techniques or models are there at risk till now, but the conventional 
models frequently do not fulfill the particular requirements of IoT such as scalability, distribution, 
resource restrictions, and minimum latency. Furthermore, several control operations are performed amid 
a several set of devices in IoT that frequently aids intelligent processing and decision making in addition 
to autonomous way via the communication associations devices as well as sensors. In addition, better 
performance and reliability besides ubiquity for the IoT model were performed. Nevertheless, the IoT is 
effective regarding the evaluation of high cost, minimum latency, and storage which is an implication in 
the calculation. ML approaches and optimization techniques are widely exploited in the state-of-the-art 
for attack detection. In numerous engineering issues, optimization techniques identify speedy applications 
[9], [10]. 

The main contribution of the developed model is to propose a hybrid optimization algorithm named 
Hybrid WOA-BA, which is used to choose the hidden neurons of the deep learning approach and also 
enhances the accuracy rate of classification procedure, which may be highly accurate in the detection of 
attacks. In classification outcome, to obtain high accuracy a novel optimization Hybrid WOA-BA algorithm 
is used it also exploits to find the optimal hidden neurons. Finally, the performance analysis of the 
developed model is evaluated with the existing techniques regarding the positive as well as negative 
metrics. 

2. Literature Review 
In 2020, Jerry John Kponyo et al [1],worked on the IoT that was an intelligent network which links smart 
objects to the Internet. In this work, a host-based and lightweight detection as well as defense model in 
order to identify DoS attacks in IoT devices. Moreover, on the basis of heuristics to handle the ICMP, 
SYN, as well as UDP flood attacks, an anomaly DoS detection scheme, was developed via the ML 
application. 

In 2020, Bohan Li et al [2], developed a new technique for malicious detection nodes on the basis of the 
online learning model. Initially, the credibility of each path in the network was calculated, on the basis of 
the gathered packets. Subsequently, using the online learning approach, path reputation was modeled. At 
last, each node trust was calculated in the IoT environment as well as the malicious node was detected 
using the clustering approach. While the network was small, in order to create the design in better 
performance, some processing in the network topology was performed on the basis of the basic online 
learning detection approach and obtains an improved online learning detection approach. 

In 2020, Fal Sadikin et al [3], developed a new hybrid IDS which integrates ML-based anomaly 
detection as well as rule-based IDS. Here, to present a precise detection model a rule base technique was 
exploited for known attacks. Nevertheless, in order to define precise as well as accurate rules need human 
effort as well as it was tiresome as well as error-prone. Moreover, the IDS was implemented which 
wrapped several kinds of detection models in order to detect the known attacks. In addition, a secure, as 
well as effective model was developed for large-scale IDS data collection.  Hence, a trust reporting model 
was provided, which can work in the strict resource models obligatory using the present IoT systems. 

In 2020, Quoc-Dung Ngo et al [4], worked on static IoT malware detection, initially the evolution, 
definition, and security threats were introduced in IoT malware. Subsequently, conventional IoT malware 
detection models were summarized as well as analyzed and compared. At last, the techniques of 
conventional models were performed on the basis of a similar IoT malware dataset. 

In 2021, Francesco Cauteruccio et al [5], investigated an initial attempt of anomalies in a MIoT. 
Initially, a novel methods model was developed, which can create furthermore examinations in this paper 
simpler, coherent as well as uniform. Subsequently, the inverse problem, and the forward problem, as 
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defined in the anomaly detection context in a MIoT was described. The explanations of these issues permit 
the examination of anomalies based upon the internode distance, degree centrality as well as IoT network 
size. 

3. Adopted Attack Detection Model in IoT 
The modernization in technologies in hardware possess enabled a huge number of IoT device which linked 
to the Internet. Nevertheless, this huge IoT device link creates the network degraded by developing novel 
as well as various attacks which may cause human life loss and also millions of dollars. In reality, 
remarkable smart things are involved in the IoT ecosystem which is distributed over the geographical 
area. The interlinked frequently creates the network difficult with malevolent adversaries who could 
weaken the accessible resources as well as initiate several attacks such as a probe, U2R, R2L, and DoS.  

In this paper, these attacks are detected using a novel scheme is proposed which integrates the idea of 
optimization in order to assure accurate attack detection in the network. The adopted approach working 
model is presented in this paper such as two stages such as classification as feature extraction. Moreover, 
to extract the distributed features such as duration flag, protocol, service, destination bytes as well as 
source bytes, the PCA process is exploited. Then the extracted features are fed to the classification process 
using the CNN technique. Using a novel optimization model, the hidden neuron of CNN is optimally 
chosen, to enhance the accuracy rate of classification. Fig 1 demonstrates the block diagram of the 
proposed technique for the attack detection in IoT 

 

 
Fig. 1 Block diagram of the adopted model for attack detection in IoT 

3.1 Proposed Model for Feature Extraction and Classification  

From the input, the deep features can be extracted using the CNN. Nevertheless, the PCA possesses its 
own benefits while it is used on the input. The PCA benefits such as minimum requirements for the 
memory as well as capacity, minimum noise sensitivity, maximized effectuality, which occurred in lesser 
dimensions. Moreover, the PCA is exploited for data compression when assuring that no information is 
misplaced and it handles more than 2 parameters such as simple to recognize the variables, insensible to 
original data scales, integrates the correlated parameters to a single variable, enhances visualization, 
minimizes over fitting as well as simple to evade correlated features. Moreover, to extract the deep 
features the CNN model is performed from the PCA-based features. Initially, the feature extraction is the 
initial phase for the adopted detection technique, whereas the features such as flag, duration service, 
protocol, source bytes, destination bytes, and few other features are done by exploiting the PCA principles. 

3.2 PCA Model 

From input data DI , the features F  are extracted using PCA [6] process. Initially, in order to find the 
correlation matrix eigenvectors are carried out and the eigenvectors that possess maximum eigenvalues 
are considered. It is indicated as IN input vector transformation with the same length L in IN -dimensional 

vector  TIv,.....v,vv 21 into a vector l as stated in eq. (1). 
 vmevAl        (1) 

Each v row consists of L values. Eq. (2) indicates formulation of ame vector represents the mean vector. 

   L
f fv

L
vMAvme

1                                                                (2) 

From the covariance matrix vCV , matrix A is ascertained. A row of A matrix consists of eigenvectors of

vCV which are arranged based on the equivalent Eigenvalues in descending order. Eq. (3) is obtained by 

the vCV using the relation. The covariance matrix size is ININ  as v is IN -dimensional. Eq. (4) indicates 
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the covariance amid dv,dv  . Using the relation, the module number for preservation is ascertained, that is 

stated in Eq. (5), L indicates the count of retained principal components,VA  indicates the Eigenvalues, 
TO indicates the total count of Eigenvalues.  
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At last, the extracted features nf.....f,fF 21  , (whereas n represents the total number of features) from 

the input data are subjected to the classification procedure. This work exploits the CNN, for the 
classification process. 

3.3. CNN Model 

Here, the extracted features F  are fed to the CNN [7] approach, whereas it classifies if there exists an 
attack or not. Specifically, this work mostly concentrates on the attacks such as Probe, DoS, R2L, U2R. 
The explanation of aforesaid attacks is stated as below: 

Probe: Satan-Probing of the network for well-known weakness. 
R2L: Illegal access of local user account through vulnerability, and etc 
U2R: Admin level is accessed by enabling the roolkit. 
DoS: Through User Data Packets (UDP) packets, system rebooting or crash occurs. 
The exploited CNN classifiers classify if the network suffers from any of these attacks. 
The used DBN classifier classifies whether the network suffers from any of these attacks. 

The CNN model is designed based on the input layer, MPL, CL, BNL, ReLu, fully connected layer, 
and the output layer.  The convolutional kernels parameters are adjusted during the training process on 
the basis of the optimal values attained at the time of the optimization procedure. Generally, the 
stochastic gradient solver is exploited by the CNN to tune the hyperparameters. The parameter choice is 
application-dependent. Nevertheless, the convergence rate and CNN accuracy are decided by the suitable 
hyperparameters choice in the classification task. The training needs a large amount of time if the 
primary learning rate is less. The hyperparameter is decided by the change by the learning rate, which is 
needed each time the technique is updated on the basis of the error. 

Likewise, the regularization term is added by the regularization parameter to the cost function. It is 
exploited to avoid the technique from overfitting. The gradient decay factor is used to decide the factor 
therefore the learning rate alters each epoch. 

The CNN exploits a large number of hyperparameters rather than a conventional MLP. 
For the input image, the features are extracted by the convolution layer at each offset. By the 

proposed model, the layers hyperparameters are optimized. In the input image, output features maps are 
sensitive to the position of the features. To address the sensitivity, one solution that is exploited and 
attains the local translation variance is to carry out pooling. Subsequent to that the nonlinearity is used 
to the feature maps attained from the convolutional layers, pooling is used. The ReLu is exploited for the 
nonlinear activation function which maps to the feature space by the extracted features. Here, four kinds 
of pooling are present such as max pooling, average pooling, global max pooling, and, global average 
pooling. In this paper, max pooling is exploited, since it retains the mainly well-known features of the 
featuremaps, hence sharp features are retained.  

3.4. Hybrid WOA-BAT optimization Model 

The WOA approach was developed in [8] by replicating the hunting humpback behavior of whales by 
starting chasing the prey as well as replicating the bubble net scheme. The WOA approach comprises two 
important stages such as spiral and prey updating called as exploitation stage. Here, the prey is 
arbitrarily searched. This paper uses the WOA approach primarily initiates with a random set solution 
for V = (W, B), weights, and bias for the MLP. In each iteration, on the basis of arbitrary selection, the 
search agent or optimal solution is attained. 

The subsequent for mulations eq. (6) and (7) states the hunting behavior of the prey. 

    DAtXtX


1 z    (6) 

    |tXtXC|D


       (7) 

 tX


indicates the whale's optimal earlier location and  1tX


indicates the current whale location. D


indicates the distance vector and C


 and A


indicates the co-efficient vectors calculated as (8). 
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rC 2


; aarA  2


      (8) 
The spiral updating model is performed of bats and it is integrated with particular enhancements in 

order to speed up the convergence. An arbitrary value of p is created by exploiting if there is a fifty 
percent of probability to select amid either the replicating the encircling model or the spiral mechanism 
in order to update the location. 

 If 50.p  then the current iteration is updated as given in (9). 

     tXkcosbkeDtX


 21     (9) 
 

Let k = b = 1, therefore (9) minimizes to (10). 
   tXD.tX


 721      (10) 

 

If 50.p  , subsequently the current iteration is updated as given in (11)–(13). 
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where iv is the bat velocity as well as ix is the bat position. The wave frequency is the upper and 

lower bound represented as (100,-100).The bats' new location is updated based on the novel velocity as 
while the bat identifies the food/prey, the rate loudness is inversely proportional to the rate of emission.  

4. Result and Discussion 
In this section, the developed detection technique was illustrated. Here, the proposed model illustrates the 
traffic compositions, intrusion beside the extensive adaptable as well as reproducible. Moreover, the 
datasets consist of two classes as normal and attack. The performance analysis of the proposed model and 
conventional models was demonstrated with respect to two cases such as two-class and multi-class 
scenarios. Also, the analysis was estimated with certain positive as well as negative metrics. 

Fig 2 demonstrates the outcomes in two-class cases. Here, it is seen that the accuracy of the developed 
technique is 12% better than the PSO models. Fig 3 demonstrates the analysis of the proposed model in 
the multi-class scenario. Here, it is seen that the developed technique is efficient in order to detect the 
attacks in the network. Moreover, the proposed method's accuracy is very effective over the conventional 
models. Therefore, the overall analysis exhibits that the superiority of the adopted technique in order to 
detect the attacks in IoT. 

 

 
Fig. 2Performance analysis of the developed and existing models in 2 class scenario 
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Fig. 3Performance analysis of the developed and existing models in multi-class scenario 

5. Conclusion 

In this work, a novel attack detection technique was exploited to detect the R2L, probe, DoS, and U2R in 
IoT. Here, the process was performed in two states as classification and feature extraction.  In order to 
extract the feature, the PCA process was exploited from the input data. Subsequently, these features were 
fed to the deep learning classifier; here the classified outcomes were obtained. Furthermore, the adopted 
technique was aspired to process the optimization idea to attain the superior as well as accurate 
classification outcome. Therefore, a novel optimization method called the Hybrid WOA-BA algorithm was 
developed to choose the optimal hidden neurons.  At last, the developed technique was estimated with the 
existing techniques regarding the positive as well as negative metrics. From the analysis, it was seen that 
the adopted model performs better and obtained highly precise classification results over the conventional 
techniques, and also it was exhibited in the detection of attacks. 
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